
Big AI’s Regulatory Capture: Mapping Industry Interference and
Government Complicity

ABEBA BIRHANE, AI Accountability Lab (AIAL), School of Computer Science and Statistics (SCSS), Trinity
College Dublin, Ireland
RICCARDO ANGIUS, AIAL, SCSS, Trinity College Dublin, Ireland
WILLIAM AGNEW, Human Computer Interaction Institute, Carnegie Mellon University, USA
HARSHVARDHAN J. PANDIT, AIAL, SCSS, Trinity College Dublin, Ireland
BHASKAR MITRA, Independent Researcher, Canada
ROEL DOBBE, Faculty of Technology, Policy and Management, Delft University of Technology, Netherlands
ZEERAK TALAT, School of Informatics, University of Edinburgh, Scotland

Over the past decade, the AI industry has come to exert an unprecedented economic, political and societal power and influence.
The well-functioning of regulatory and oversight structures and processes that govern the industry thus have paramount
ramifications for everything from fostering public trust in systems marketed as AI, the credibility of scientific knowledge,
educational and healthcare services and products, information ecosystems, the environment, rule of law and integrity of
democratic process. It it therefore critical that we comprehend the extent and depth of pervasive and multifaceted capture
of AI regulation by corporate actors in order to contend and challenge it. In this paper, we first develop a taxonomy of
mechanisms enabling capture to provide a comprehensive understanding of the problem. Grounded in design science research
(DSR) methodologies and extensive scoping review of existing literature and media reports, our taxonomy of capture consists
of 27 mechanisms across five categories. We then develop an annotation template incorporating our taxonomy, and manually
annotate and analyse 100 news articles. The purpose behind this analysis is twofold: validate our taxonomy and provide
a novel quantification of capture mechanisms and dominant narratives. Our analysis identifies 249 instances of capture
mechanisms, often co-occurring with narratives that rationalise such capture. We find that the most recurring categories of
mechanisms are Discourse & Epistemic Influence, concerning narrative framing, and Elusion of law, related to violations and
contentious interpretations of antitrust, privacy, copyright and labour laws. We further find that Regulation stifles innovation,
Red tape and National Interest are the most frequently invoked narratives used to rationalise capture. We emphasize the
extent and breadth of regulatory capture by coalescing forces — Big AI and governments — as something policy makers
and the public ought to treat as an emergency. Finally, we put forward key lessons learned from other industries along with
transferable tactics for uncovering, resisting and challenging Big AI capture as well as in envisioning counter narratives.

ACM Reference Format:
Abeba Birhane, Riccardo Angius, William Agnew, Harshvardhan J. Pandit, Bhaskar Mitra, Roel Dobbe, and Zeerak Talat. 2026.
Big AI’s Regulatory Capture: Mapping Industry Interference and Government Complicity. In The 2026 ACM Conference on

Authors’ Contact Information: Abeba Birhane, AI Accountability Lab (AIAL), School of Computer Science and Statistics (SCSS), Trinity
College Dublin, Dublin, Ireland, aial@tcd.ie; Riccardo Angius, AIAL, SCSS, Trinity College Dublin, Dublin, Ireland; William Agnew, Human
Computer Interaction Institute, Carnegie Mellon University, Pittsburgh, USA; Harshvardhan J. Pandit, AIAL, SCSS, Trinity College Dublin,
Dublin, Ireland, me@harshp.com; Bhaskar Mitra, Independent Researcher, Tiohtià:ke / Montréal, Canada, bhaskar.mitra@acm.org; Roel
Dobbe, Faculty of Technology, Policy and Management, Delft University of Technology, Delft, Netherlands, r.i.j.dobbe@tudelft.nl; Zeerak
Talat, School of Informatics, University of Edinburgh, Edinburgh, Scotland, z@zeerak.org.

This work is licensed under a Creative Commons Attribution-NonCommercial-NoDerivatives 4.0 International License.
FAccT ’26, Montreal, QC, Canada
© 2026 Copyright held by the owner/author(s).
ACM ISBN 979-8-4007-2596-8/2026/06
https://doi.org/10.1145/3805689.3806740

https://orcid.org/0000-0001-6319-7937
https://orcid.org/0000-0003-0291-3332
https://orcid.org/0000-0002-1362-554X
https://orcid.org/0000-0002-5068-3714
https://orcid.org/0000-0002-5270-5550
https://orcid.org/0000-0003-4633-7023
https://orcid.org/0000-0001-5503-867X
https://orcid.org/0000-0001-6319-7937
https://orcid.org/0000-0003-0291-3332
https://orcid.org/0000-0002-1362-554X
https://orcid.org/0000-0002-5068-3714
https://orcid.org/0000-0002-5270-5550
https://orcid.org/0000-0003-4633-7023
https://orcid.org/0000-0003-4633-7023
https://orcid.org/0000-0001-5503-867X
https://orcid.org/0000-0001-5503-867X
https://creativecommons.org/licenses/by-nc-nd/4.0
https://creativecommons.org/licenses/by-nc-nd/4.0
https://doi.org/10.1145/3805689.3806740


FAccT ’26, June 25–28, 2026, Montreal, QC, Canada Birhane et al.

Fairness, Accountability, and Transparency (FAccT ’26), June 25–28, 2026, Montreal, QC, Canada. ACM, New York, NY, USA,
Article 111, 22 pages. https://doi.org/10.1145/3805689.3806740

1 Introduction
The past decade has seen a rapid growth in the development and integration of AI technologies altering virtually all
societal infrastructures – such as information ecosystems (e.g., search and archives), education, finance, healthcare,
and law enforcement – affectingmillions of peopleworldwide [29, 56]. This has raised questions around intellectual
property [94, 96], democratic processes such as elections [81, 88], consumer protection [36, 93, 109], algorithmic
bias and discrimination [31, 113], privacy [40, 58], and misinformation [53, 112]. These concerns have in turn led
to numerous global, multilateral, and national governance and regulatory efforts to preserve fundamental rights
and to reduce the harms and risks of AI systems. For example, the EU AI Act states its purpose is to “promote
the uptake of human-centric and trustworthy artificial intelligence (AI), while ensuring a high level of protection of
health, safety, fundamental rights [...] including democracy, the rule of law and environmental protection, against
the harmful effects of AI systems” [37]. These aims reflect the expressed wishes of the public, which tend to be at
odds with the controversial practices of Big AI.1 Recent public surveys have found that there is broad support for
regulation of AI. For example, an analysis of 2000 responses on AI deployment found concerns related to violation
of privacy and civil rights were among the most pressing, with the majority (68%) of respondents highlighting
these risks [101]. Similarly, Pew Research found that 60% of the US population would be uncomfortable with
the use of AI in their health care services [120], while 72% of respondents of a UK survey expressed a need for
stronger regulation in order to feel comfortable with AI technologies [57]. Despite the broad public support for
protecting public interests through regulation of the AI industry, there are growing concerns about how the tech
industry’s outsized influence on policy-making may obstruct meaningful safeguards and public priorities.
Although the European Union has relied on civil society participation to shape digital regulation [38], nu-

merous investigations show an outsized influence from the tech industry over the development of regulatory
standards [26]. For example, reports have shown how the European Commission has uncritically adopted the
industry’s call to “simplify” the AI Act (alongside other digital regulation) even before it has been fully im-
plemented [39]. These concerns are also felt in the US, where a coalition of tech, consumer protection, labour,
economic and environmental justice, and civil society organizations launched a “People’s AI Action Plan” as
a counter-weight to the government’s industry-backed AI executive orders and agenda: “The White House AI
Action Plan is written by Big Tech interests invested in advancing AI that’s used on us, not by us. Today, we are
reclaiming agency over the trajectory AI will take: it’s time for a People’s Action Plan for AI that puts the needs of
everyday Americans over corporate profits” [6].

In contemporary societies, regulatory oversight functions as a central mechanism for ensuring public health,
safety, and environmental protection [110]. Regulation governs the breadth of society: from means of transport
to the buildings we live in, the appliances used in our kitchens, the food available on the market, and educational
infrastructure; it also defines mechanisms for health and safety inspections and protections. Protective and social
regulation, in particular, aim to “make our lives safer by eliminating or reducing risks or exposure to risks” [65]. Reg-
ulatory and enforcement mechanisms have often emerged along with other practices—such as scientific codes of

1We use the term ‘Big AI’ to refer to the handful of companies that develop and mass deploy large-scale AI technologies – such as large
pre-trained models – built on massive datasets collected through vast, centralised infrastructures, which, with increased integration into
societal infrastructure, continue to exert outsized epistemic, economic, political, and societal influence. The term ‘Big AI ’ also encapsulates
the structural consolidation of AI technologies by Big Tech as their core value proposition, central to their infrastructure, resources, and
strategic investments [121]. While new entities such as OpenAI, Anthropic, DeepSeek and xAI are included in our definition due to their
significant geo-political influence, ‘Big AI’ also marks the shift of existing Big Tech companies – Alphabet, Meta, Amazon, Microsoft, Apple,
NVIDIA – towards becoming “AI-first” companies, further expanding their unprecedented power and influence across all economic sectors
and aspects of public life.
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conduct addressing conflicts of interest—in the aftermath of tragedies that resulted in harms, injury, and death. For
example, the Thalidomide tragedy in the 1960s resulted in birth defects and deaths of thousands due to insufficient
standards for testing drugs prior to their release to the public [77]. Similarly, the Pfizer trial of the experimental
antibiotic trovafloxacin (Trovan) for cerebrospinal meningitis in Nigeria resulted in at least 11 deaths and severe
side effects in several children, including severe liver damage and kidney failure [21, 69]. Subsequently, both
Thalidomide and Trovan were withdrawn from the market and reformed drug safety governance with the Thalido-
mide tragedy now considered a watershed moment for pharmaceutical regulation [77]. Such incidents highlight
how profit motives, conflicts of interest, and corporate influence may overshadow the public interest in scientific
research — as well as in the development, marketing, and governance of consumer products — and result in tragedy.

Understanding corporate influence on AI regulation requires examining research and reporting on the actions
and positions of the tech industry, particularly, Big AI, as well as those of policy-makers and other relevant
actors. A growing body of evidence shows how the AI industry has been attempting to undermine and resist
regulation, oversight, and enforcement [83], including through large scale lobbying [7, 84]; retaliating against
whistleblowers [95], civil society groups, researchers and law-makers [13, 98]; the revolving door—e.g. the former
French Secretary of State for Digital Transition, Cédric O, becoming a shareholder and advisor for Mistral [84];
and political donations [90]. For instance, Amazon, Google, Meta, and Apple each contributed $1 million dollars
to Donald Trumps political campaign, while Elon Musk contributed $250 million to pro-Trump groups prior
to the 2024 US elections. Governments and regulatory authorities can also play a key role in undermining
and minimising the effects of existing or emerging rules. For example, the EU Commission President Von der
Leyen has called for deregulation [25]; the General Purpose AI Code of Practice under the AI Act — drafted with
industry participation — was diluted at each stage until protections for human rights were made optional [18];
and the UK AI Bill has been delayed; while German authorities have discussed withdrawing laws to maintain
“attractive[ness] to tech companies” [70] and to ensure “innovation-friendly” implementation of AI regulation [44].
A similar trend is evident in the US: the current administration has halted enforcement and regulatory oversight
into Meta’s alleged improper use of user financial data obtained from third parties for advertising purposes [24];
halted, dropped, or withdrawn enforcement of 100s of cases of alleged corporate wrongdoing [23]; and signed an
excursive order banning state-level AI regulations [100].
Beyond the converging actions between regulators and the tech industry, coordinated efforts that actively

campaign to portray the AI industry positively while framing regulatory oversight as undesirable put meaningful
governance and regulatory oversight at risk. For example, the new super PAC formed by Andreessen Horowitz,
Greg Brockman, and Mark Zuckerberg has pledged tens of millions of dollars to promote “industry-friendly
policies” and cast the AI industry in a favourable light [14, 116]. Indeed, several public campaigns are already
underway. A recent open letter signed by 100s of CEOs presents a simplistic dichotomy of “innovation or
regulation” [64], alongside media outreach, targeted advertising, and funding of public initiatives, such as
Meta’s multimillion-dollar ad campaign depicting data centres as a boon to agricultural towns in Iowa and New
Mexico [75].
The coalescence of corporate and state interests threatens the rule of law, independent regulatory oversight,

and meaningful accountability — all of which are crucial for the responsible and publicly supported technological
innovation. It is therefore important to shed light on the various forms of corporate capture, the mechanisms
involved, and the narratives used to legitimise it so that these practices and responsible actors can be better
understood and challenged. We interpret this as a reflexive knowledge problem; the growing role of capture in AI
regulation and governance — and its societal consequences — is a relevant but understudied topic in its own
right and a factor that reflexively shapes the scholarship undertaken in FAccT and adjacent communities, e.g., by
influencing narratives, research funding, infrastructure and priorities [1, 128, 129].
In this paper, we study mechanisms that enable capture of AI regulation, oversight, and public discourse.

Based on a comprehensive study of grey and academic literature across different disciplines and societal actors
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working to uncover corporate capture (see Section 2), we identified (1) that corporate capture is a multi-faceted
topic with few general conceptual frameworks available, (2) there is little academic research on corporate capture
by Big AI specifically, and (3) existing work on corporate capture of AI regulation is mostly done by advocacy
groups and civil society organizations, but this has not been brought together to provide a holistic picture of
the phenomenon. We address this gap by mapping the types of mechanisms that enable capture and associated
narratives as this is an important step towards comprehensively understanding, identifying, documenting, and
challenging capture as well as charting alternative futures. We approached this knowledge problem by drawing
on Design Science Research (DSR), and develop a taxonomy that serves as a conceptual model for mapping capture
mechanisms and narratives. We draw on desk research, expert exchange, literature review, and iterative design
cycles in which we apply and evaluate the taxonomy and refine its comprehensiveness and clarity. Based on
our taxonomy, we then develop an annotation schema and manually annotate two datasets: DS1, containing
25 articles and DS2, containing 75 Reuters news articles. The purpose of this analysis is twofold: the analysis
of DS1 validates our taxonomy, while analysis of DS2 provides a novel quantification of capture mechanisms
and narratives as well as insights into their prevalence and characteristics. We emphasize here that our study
is primarily descriptive and interpretive and does not seek to quantify the extent to which capture occurs or
mechanisms and narratives that cause it.

We find that the landscape of capture is multi-faceted. Tech companies employ a wide variety of tactics: from
disregarding or misinterpreting existing laws; claiming regulation stifles innovation and unfairly prevents people
from accessing AI products; relying on speculative studies; lobbying; to private meetings with regulators to
ensure that regulation remains favourable and oversight negligent. Addressing the current challenge of capture
in the AI landscape requires drawing inspiration from past efforts against regulatory capture. We therefore draw
on past efforts from other sectors to counter regulatory capture as a guide for protecting public values that are
vital to the present and future of our academic fields, public institutions, regulatory bodies, and shared public life.

2 Related work: the multifaceted nature of capture
Despite the rapidly expanding power, influence, and impacts on broad swathes of society, corporate capture in
the AI domain remains poorly defined and understudied. Existing academic scholarship has examined forms
of capture in other sectors, such as the tobacco, oil, pharmaceutical, and information technology industries;
however, a systematic examination and organisation of such work within the AI industry remains limited. This
section addresses this gap by surveying disparate strands of relevant work from civil society organisations and
academic literature. In accordance with Shapiro [108], we organise prior work into two functionally different
forms of capture: Epistemic capture and Regulatory capture. Epistemic capture can further be distinguished into
Academic capture — concerning the industry’s influence over scientific knowledge production through, e.g.,
funding, sponsorship, and institutional partnerships that shape academic research intersecting with AI, including
but not limited to computer engineering, ethics, and safety — and Media capture — pertaining to efforts to sway
media, public discourse, debates, and conceptions of AI through strategies such as narrative framing, deception,
disinformation, and doublespeak. By structuring the literature thus, we highlight the fragmented nature of
existing work and the converging themes that emerge across it.

2.1 Epistemic Capture
2.1.1 Academic Capture. Corporate capture extends to scientific knowledge production [1, 54, 59, 79, 82] which
may intensify industry influence on regulation by legitimizing industry narratives and discredit narratives
unfavourable to corporate interests. Industry funding, for example, deliberately shapes scientific conclusions
to favour industry and undermine public welfare [1, 9, 27, 60, 74, 92, 104]. Lachapelle et al. [61] identify three
contributing factors for academic capture: (i) increasing financialisation of higher education, (ii) growing industry
influence, and (iii) reticence of university employees to challenge the status quo. Hiltner et al. [54] identify several
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types of industry ties to higher education in the fossil fuel research community, including: serving on academic
boards, sponsorship and endowments, student recruitment, advising on courses, and leasing of University lands.
The AI industry has been particularly successful in establishing their dominating influence over AI re-

search [4, 128], paralleling the U.S. military’s dominance over scientific research during the Cold War [128]. The
concentration of control over data, compute resources, expertise, and funding has erected barriers to conducting
critical AI research without industry involvement [78] or the AI industry’s premise. Whittaker [128] adds,
“[t]hese companies control the tooling, development environments, languages, and software that define the AI
research process — they make the water in which AI research swims”. The AI industry has created myriads
of schemes to draw academia closer to the companies, including supporting dual-affiliation arrangements that
allow scholars to draw high salaries from Big Tech while publishing their research under academic affiliations,
industry-sponsored Ph.D. programs, and joint grant programs which align with and elevate industry perspec-
tives [128]. Bak-Coleman et al. [10] identify several mechanisms by which AI companies skew research findings
including selective publishing of internal research, biased study design, funding of academic research, inhibiting
independent research, and selective collaborations.
Big Tech is also a major sponsor for preeminent venues for research on algorithmic harms — e.g., the ACM

Conferences on Fairness, Accountability, and Transparency (ACM FAccT); on AI, Ethics, and Society (AAAI/ACM
AIES); and on Human Factors in Computing Systems (ACM CHI) — with many conference organizers and
participants being affiliated with and drawing salary from these corporations [129]. Such sponsorship serves to
bolster the image of corporations as socially responsible; influence events, decisions, and research; and identify
academics who can be leveraged [1]. These schemes to influence academic knowledge production also resemble
strategies previously operationalized by the likes of Big Tobacco, Big Pharma, and Big Oil [1, 129]; and raises
serious concerns about research integrity in the field of AI.

2.1.2 Media Capture. Capture of media and public discourse [34, 55, 106, 115] is another avenue for corporations
to promote favourable narratives, sway public discourse, and suppress critique. Stiglitz [114] identifies four forms
of media capture: (i) capture by ownership, (ii) capture through financial incentives, (iii) capture by censorship,
and lastly, (iv) cognitive capture. The coverage of AI in mainstream media is consistently aligned with Big Tech.
Companies’ announcements and claims about their products are often reproduced with little, if any, scrutiny
while simultaneously downplaying the credibility and expertise of those outside the industry. In an analysis
of 1, 000 media articles “[c]orporate actors [were] by far the most frequently quoted by journalists covering AI,
with no civil society voices featuring amongst the top-25 most-quoted people or organisations” [117]. Similarly,
the New York Times quoted representatives of commercial tech companies 67% of the time while only 6% of
quotes were from representatives of civil society [11]. Moreover, industry insiders were described as ‘experts’,
while civil society representatives were presented as ‘sceptics’. Big Tech also exerts its influence over media
through ownership, funding of journalism, shaping state media regulation, targeting media (policy) research
institutions and universities, and by providing platforms through which the media comes to reach their audiences.
In doing so, Big Tech has created an infrastructure in which media and journalists help reproduce, disseminate,
and normalize industry narratives, or face exclusion [99].

2.2 Regulatory Capture
Capture of regulation occurs when powerful industries influence, manipulate, or undermine the governance
agencies and authorities that oversee them, control decisions made about the industry [28, 65], or steer regulations
towards benefit for the industry rather than (or at the cost of) public interest [20, 66]. Shapiro [108] defines it
as “occurring when [regulating] agencies consistently adopt regulatory policies favo[u]red by regulated entities”,
which encompasses influence, manipulation, and otherwise interfering with governance processes, rule-making,
and independent oversight. When regulators and governments become too sympathetic to the problems of the
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corporations and industries that they regulate, regulatory bodies risk becoming too lenient and, by extension,
captured [65]. Regulatory capture can use legal (e.g,. lobbying) or illegal (e.g., bribes) tactics and may serve mutual
government-industry interests, e.g., through relying on invited feedback from industry actors at the expense of
their own research [3]. Other industries which have attempted regulatory capture have used a broad set of tactics.
For example, the tobacco industry uses information manipulation, legal preemption, threats, financial incentives,
and policy substitution [105]; while the pharmaceutical industry relies on lobbying and political influencing, such
as by leveraging relationships with drug approval agencies, revolving doors, and challenging regulation through
marketing campaigns, funding think tanks, and patient advocacy groups [76, 122]. Regulatory capture can also take
the form of developing policy based on industry perspectives or by allowing industry influence to set policy agen-
das, manipulate information, or directly influence political [35] and other forms of decision-making processes [66].
AI companies are found to evade regulatory enforcement and pressure regulators to change policy, for

example, by withholding their digital services in relevant jurisdictions [62] while at the same time establishing
partnerships with government agencies to redesign digital public infrastructure, which foster dependencies and
capture government agencies [12]. In particular, the European Union’s technology bills, including those for AI,
are the biggest target of corporate lobbying [22] with tech companies recruiting large internal policy teams [48].
Documents obtained by Corporate Europe Observatory [107] demonstrate how “[v]ia years of direct pressure,
covert groups, tech-funded experts [...] tech companies have reduced safety obligations, sidelined human rights
and anti-discrimination concerns, and secured regulatory carveouts for some of their key AI products”. Gorwa
et al. [46] and Wei et al. [124] identify access lobbying, coalition building, stakeholder mobilisation, funding,
agenda-setting, academic capture, information management, cultural capture through status, and media capture
through freedom of information requests and interviews with policy experts, respectively.

3 Methodology

3.1 Design Science Research Approach
We approach the study of capture mechanisms and associated prevalent narratives surrounding capture of AI
regulation, through the methodological lens of Design Science Research (DSR). DSR is a problem-solving paradigm
that seeks to enhance in-depth and situated knowledge via the development of artifacts [123], originally intended
to solve identified problems in contexts in which (a) existing theory is insufficient to explain the phenomena
under study and (b) in which various aspects (people, organizations, technologies, institutions or other factors)
need to be studied empirically and holistically to be comprehensively understood [52]. The designed artifact
typically aims to support the knowledge problem and may take various forms [86, 125], which do not need be
clear upfront. We identified a need for a taxonomy of mechanisms enabling capture as it quickly became clear
that regulatory capture is prominent in global AI discussions, major multilateral events, as well as day-to-day
information exchange such as news articles. And while various advocacy groups and authorities have reported
valuable insights on various (sets of) capture mechanisms (see Section 2), a clear taxonomy and conceptual
interpretation of corporate capture across all known or reported mechanisms was lacking.

ADSR project is embodied by three closely related cycles of activities of understanding the problem environment
(relevance cycle), grounding a problem in theory and concepts (rigour cycle), and designing and evaluating the
artifact to support a knowledge need or solve a particular problem (design cycle) [51]. These cycles may happen
in arbitrary order based on the structure of the research project, occur sequentially or in parallel, and may be
iteratively revisited. Our design science research followed the following six cycles:
Cycle (1) relevance: To gain an in-depth understanding of the prevalence of corporate capture, we engaged in
desk research and expert exchange. A group of seven experts gathered on a weekly basis for over a period of
10 months and discussed regulatory capture based on news articles that had surfaced in the individuals news
consumption, and which were selected based on two inclusion criteria: Relevance–a report is about or directly
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related to AI regulation–and credibility–which captures the reputability of the publishing venue and the clarity
and quality of the reported evidence. We excluded reports that were not directly related ot AI regulation, e.g.,
meta-analyses, opinion pieces, etc., and reports with unsubstantiated claims. The notes taken during desk
research and expert meetings formed the basis for a literature review and the initial taxonomy development. In
this cycle, we also determined the criteria for evaluating the taxonomy: Comprehensiveness–do the identified
capture mechanisms cover the phenomena reported in the news in an exhaustive, to the extent possible, and
mutually exclusive manner?–and legibility–are the mechanisms and their categories and definitions clear enough
to be interpreted consistently across a group of experts? To address the potential of remaining confirmation bias
in the selection of articles in this first cycle, we decided on mitigating measures for evaluation (random sampling,
see Cycle 4) and application (a structured systematized search of news articles, see Cycle 5).
Cycle (2) rigour: To ensure a comprehensive understanding of corporate capture, we performed a focused
reading on existing definitions from academic literature and on analyses of current occurrences of capture–
primarily through policy reports and commentary analyses from civil society and rights groups. Insights from
this literature review are reported in Section 2.
Cycle (3) design and evaluation: Based on the notes gathered from the expert exchange (Cycle 1) and the
literature review (Cycle 2), we developed an initial taxonomy. This taxonomy included a list of categories of
corporate capture and capture mechanisms within these categories. We iterated on these following discussions
in expert meetings. We added three additional categories (Government adopting industry framing, Conflation of
public and private interest, and No capture) to the initial taxonomy and annotation schema (see Cycle 4).
Cycle (4) design and evaluation: To further evaluate the taxonomy, we translated it to an annotation schema
(see Section A.2 for the annotation template) which we applied to DS1, composed of 25 articles randomly drawn
from an initial set of 100 news articles collected by experts. See Section 3.3 for annotation and coding procedures.
Cycle (5) relevance - applying the taxonomy:We applied the updated taxonomy and annotation schema to
DS2, a dataset constructed from a systematic search (see Section 3.2). Further, we extended the annotation schema
to extract narratives used to support corporate capture, as reported in the articles.
Cycle (6) design and evaluation - finalizing the taxonomy: The final taxonomy was informed by another
abductive step that was based on analyses by the annotators in Cycle 5 and subsequent evaluation by the experts
group, focused on comprehensiveness and legibility of the identified mechanisms, their categories, and definitions.
We validated the presence of mechanisms in the studied datasets DS1 and DS2 through quantitative analysis of
mechanisms and narratives, reported in Section 4.1. We summarize the final taxonomy in Section 4 with the full
taxonomy and descriptions given in Section A.1.

3.2 Dataset Curation and Search Criteria
To study regulatory capture as it unfolds across globally significant events, we conducted an in-depth scoping
review of news media articles, as these seek to report current affairs and reflect key debates and decisions that
are taking place in the real world pertaining to the AI industry. News articles also function as a mechanism for
obtaining up-to-date information in a fast-paced and continually shifting landscape. We curated two datasets:
DS1 (25 articles), used to validate our taxonomy and DS2 (75 articles), used to quantify and perform in-depth
analysis of capture as reported in Reuters coverage .

DS1 was curated from news articles shared by researchers in a private discussion forum. DS2 was curated by
searching Google News for articles published around three periods which contain four events critical to the
development of AI regulation: The first global AI Summit in the U.K. and the EU AI Act trilogue negotiations
(October 2023-February 2024), the second global AI Summit in South Korea (April 2024-June 2024), and the third
global AI Summit in France (January 2025-March 2025).2

2We searched using the keywords “artificial intelligence policy { usa | eu | uk }, obtaining 10.691 results for the USA, 8.106 for the EU, and
5.832 for the U.K. queries, respectively.
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Our search results for DS2 comprised 24.629 article URL and title pairs, which we scraped using a Crawlee-based
scraper.3 We de-duplicated and sub-selected articles based on rated quality, reliability, and orientation towards
fact-based reporting. We selected Reuters, rated as the most reliable and high-quality source in an analysis of
11.520 news domains [67], as our single source. We used the article titles to compile a list of relevant unigrams,
and applied this to identify titles containing relevant terms, resulting in 683 unique articles.4
We then manually applied our inclusion criteria (relevance and credibility, see Section 3.1) selecting articles

based on title, which reduced the article count to 181 unique articles. From this set, we sampled 75 articles with a
stratified sampling across the three periods, resulting in 26 samples for the first period (UK AI Summit & EU AI
Act trilogue negotiations), 16 samples for the second period (South Korea AI summit), and 33 samples for the
third period (France AI Action Summit). We then manually checked the body text of the articles to remove and
replace, while maintaining stratification, duplicates – including articles with a high degree of content similarity –
and articles that did not cover AI regulations (despite their relevant titles).

Fig. 1. PRISMA diagram for the construction of dataset DS2.

3.3 Annotation schema and code book
We developed the annotation schema iteratively informed by our taxonomy and expert discussions. The codebook
(see Section A.2) contained fields recording article metadata (such as the publication date, title, data split – i.e.,
DS1 or DS2 – and time period), mechanism category, and mechanisms and narratives observed. Each article was
annotated independently by two members of the research team. Annotators were instructed to carefully read each
article and annotate: mechanism category, mechanism, narratives used, and excerpts containing the supporting
evidence. The mechanisms and their category were selected from our taxonomy (see Section 4), while narratives
were given as a free-text field. The iterative taxonomy development allowed the team to consistently align with
each other when identifying, documenting, and categorizing information. To ensure a shared understanding of

3Crawlee: https://crawlee.dev.
4We kept only articles containing at least one of the following words in their title: {nvidia, openai, musk, google, meta, ceo,
microsoft, apple, deepseek, amazon, summit, ai act, regulat*, antitrust, policy, plan, rule}.
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key concepts, we developed a common vocabulary of definitions, descriptions, and instructions as part of the code
book. Annotators extracted excerpts of the articles as ‘evidence’ for their labels and to assist in later discussions
and resolutions. After preliminary annotation, both annotators had labelled exactly the same mechanisms for 21
of the 100 articles, 44 had at least one shared mechanism, while 35 had no matching annotated mechanisms.

We approach the annotation task as a consensus annotation task [30]. Once independent annotation had been
completed, annotators synchronously considered each disagreed-upon annotation and collectively decided on a
final set of labels based on a manual review of the annotation and evidence collected by both annotators.5 In
line with Oortwijn et al. [91], this phase of disagreement resolution surfaced simple mistakes, due to missed
evidence, interpretive disagreement arising from different interpretation of the same evidence, or conceptual
misalignment related to misinterpreted taxonomy definitions.
Interpretive disagreement arose in two cases regarding breach of copyright and privacy laws, where both

annotators befittingly attributed Disregard existing laws, but only one attributed Misinterpret laws to reflect that
the company also publicly maintained they had operated within the bounds of law. The distinction between the
two mechanisms was further illustrated by reports in which the latter was present, but the former was not. This
was the case for the reported roll-out of a personal data processing Consent or Pay model. Here, the requirements
of law were not disregarded altogether, yet misconstrued to mimic compliance.
An example of conceptual misalignment encountered pertains to an article reporting a partnership between

Mistral and the German defence startup Helsing [111] reported as an attempt from Mistral to build stronger ties
with the German government. This was noted as Economic coercion of government by one annotator but not the
other. The mechanism was subsequently clarified to encompass only explicit threats, and the annotation was
dropped. We excluded mechanisms where consensus could not be reached because the evidence was deemed
insufficient by one of the annotators from the final labelled dataset.

4 Mechanisms of Capture and Insights fromQuantitative analysis
In this section, we present our taxonomy of capture mechanisms and detailed analyses of DS1 and DS2.

4.1 Corporate Capture: a Taxonomy of Mechanisms
Our taxonomy was developed through the iterative design method (see Section 3.1) and is informed by prior
work on capture occurring in sectors such as Big Tobacco, Big Oil, and Big Pharma (see Section 2). The taxonomy
(see Table 1 and Appendix A.1 for an overview and an expanded description of the taxonomy) is comprised of 27
different capture mechanisms across five categories, which describe the variety of tactics and the sophistication of
Big AI and the wider tech industry’s corporate capture efforts. We intend for the taxonomy to function as a ‘living
resource’ which will require iterative updating as the landscape and mechanisms of corporate capture change.

4.2 Capture mechanisms: distribution and relationships
In Figure 2a we present the distribution of the 249 total instances of capture mechanisms: 79 (32% of all instances)
from DS1 and 170 (68%) from DS2. We found capture mechanisms present in all but 11 articles from DS2 – labelled
as no capture. We found capture mechanisms in all articles, with the exception of 11 articles from DS2 labelled
as No capture. This label was not applicable to any of the articles in DS1, as the original set used to form it was
deliberately composed of articles that concerned both regulation and narrative capture.
The 10 most frequently identified mechanisms (50% of instances) all belong to either Discourse & Epistemic

influence (D&EI), Elusion of law, or Direct influence on policy categories. Within this set, Elusion of law is the most
recurring category outside of narrative-framing activity, and comprises violations - Disregard existing laws (17%) -

5The deliberation processes occurred first synchronously to ensure a shared understanding, then asynchronously with one annotator raising
instances for the other annotator to review and propose changes or accept the final label set.
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Table 1. Taxonomy of capture mechanisms with brief descriptions. The highlighted concepts denote five broad, high-level
categories, each further comprising a set of detailed mechanism categories and descriptions.

Mechanism Brief Description
Direct influence on policy Influence position or decisions of public officials and regulations
Lobbying Communication intended to influence decisions or create favourable positions
Private meetings Meetings or communications outside lobbying & regulated channels
Political contributions Contributions by a person or a company to a political entity or an authority
Economic coercion of government Potential economic advantage or disadvantage as a threat to induce changes
Conflicting involvement Inherent conflicts due to involvement of an entity in a specific position
Revolving door Public officials taking up conflicting roles in private entities or vice-versa
Direct involvement in rulemaking Involvement in developing law or policy without legal mandate or authorisation
Ownership/Stake in company Direct/indirect ownership or stake in regulated organisations by public officials
Market influence Participation, co-operation, or coercion of market actors
Standard setting in consortia Consortiums develop and dictate practices without other relevant stakeholders
Corraling SMEs/orgs to oppose Imploring, organising, or using SMEs to oppose a policy or position
Standard setting via monopoly Using a position of monopoly or dominance to dictate practices
Economic coercion of competition Threat of potential economic advantage or disadvantage to force competitors
Elusion of law Mechanisms directly or indirectly against the spirit or letter of the law
Disregard existing laws Disregard the requirements or process established in laws
Misinterpret laws Using alternative or intentional misrepresentation to avoid requirements
Relocation of development and labour Moving labour deployments or setups from one location to another
Exploit weak regulations/jurisdictions Moving to jurisdictions with considerably weaker regulations or enforcement
Retaliation Acting, suppressing, or retaliating against whistleblowers or regulators
Bribery Solicitation, payment, or favour in exchange for official actions or decisions
Epistemic & Discourse Influence Shape or control knowledge production process or public discourse
Corporate sponsorship of events Sponsorship of events to promote the company or imply support to principles
Funding/sponsor research & education Direct or indirect funding and sponsorship of research and education
Public facing campaign Use of media campaigns against a specific person, topic, decision, or action
Hyping technologies Promoting AI capabilities without empirical evidence or conceptual rigour
Playing victim Public complaints of being subjected to unfair rules
Undermining risks/harms Disregarding, hiding, or minimising the potential of risks or harms
Speculative studies Studies, analysis, or reports that do not follow scientific rigour or practices
Ethics washing Imposing as guardian of ethics, transparency, safety without meaningful actions
Government adopting industry framing Repeating or only considering industry positions while diminishing others
Conflation of public and private interest Irrationally mixing or implying private interests as being public benefits

and contentious interpretations - Misinterpret laws (14%) - of antitrust, privacy, copyright and labour laws, as
well as other mechanisms of operation against the spirit or letter of the law.

We further found that Lobbying was present in 40% and 3% of DS1 and DS2, respectively. Similarly, Revolving
Door occurred in 24% and 5% of DS1 and DS2. These 10 instances of national relevance and high-profile Revolving
Door were distributed between the US (6 cases), the UK (3 cases), and EU (France, 1 case). Of these 10 cases
of conflicting interests, we find that 4 involve ongoing Ownership/Stake in company by public officials during
their appointment to public office and are evenly distributed across the US and UK. The remaining 125 instances
belong to other, less occurring capture mechanisms.
For DS2, we count reported mechanisms across the three periods shown in Figure 2b. Period A spans five

months (late 2023 to early 2024, surrounding the UK AI Summit and EU AI Act trilogues), whereas Period
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(a) Frequency of capture mechanisms in DS1 & DS2. Other
denotes when a broad category ofmechanisms, but no specific
mechanism, could be identified.

(b) Article count, average mechanisms per article and mecha-
nism category distribution for the 75 articles in DS2 covering
the three periods.

Fig. 2. Quantitative results for capture mechanisms found in the annotated datasets.

B and Period C comprise three months intervals (around the 2024 Korean AI Summit and the 2025 Paris AI
Action Summit, respectively). The article sample size for each period was calibrated against the number of results
returned by the search. We observe that the distribution of labelled categories for each article are stable for Period
A and B, with an average of approximately two mechanisms labelled for each article. For Period C, we find an
average of approximately 3 mechanisms labelled for each article.

Across DS1 and DS2, we find 55 articles labelled for D&EI. For these cases, each instance is co-reported with an
average of 1.20 non-D&EI mechanism for each D&EI mechanism (1.63 and 1.03 in DS1 and DS2, respectively).

4.3 Recurring narrative framings and co-occurrence with capture mechanisms
Figure 3 shows the total occurrences of capture narratives across annotated articles: 49 out of the 100 articles
contain narrative(s) that attempt to justify capture. We identify 11 recurring framings across the 49 (13 in DS1,
52% of its total, and 36 in DS2, 48%), through a manual thematic clustering of the free-text annotations of article
excerpts which reference the use of narratives. For any given article, these clusters may appear alone or co-occur
with others.

Regulation stifles innovation.We found this to be the most frequently occurring narrative (16% overall; 24% and
13% in DS1 and DS2, respectively), decrying regulation as ontologically at odds with progress.

Red tape. The second most frequent narrative concerns alleged Red tape with 15% of all articles labelled for this
narrative (28% of DS1 and 11% of DS2). Within this narrative, regulation is portrayed as unnecessary, excessive,
or obsolete, expressed through phrasing such as “regulatory burden”, “over-regulation”, “simplification”, and
“cutting red tape”. We further observe that this framing tends to precede more explicit calls for “deregulation”
from top-level regulatory authorities who have historically adopted such narratives and continue to do so within
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Fig. 3. Frequency of capture narratives across DS1 and DS2.

the sequence of arguments in their more recent speeches [25]. This narrative co-occurs with mechanisms that
imply direct contact with regulators – 6 articles labelled with Lobbying and 6 with Private meetings.
National interest. This narrative aggregates calls against assumed impending threats to specific countries or

geopolitical blocs. Examples include “falling behind” in technology development and more explicit warnings
concerning international economic leadership and national security, such as “the AI race”.

Competitiveness. Competitiveness was the fourth most frequently occurring framing (12% overall, 24% and 8%
in DS1 and DS2, respectively). This narrative category consolidates framings around the econometric parameters
of productivity and competitiveness as values of higher priority than regulatory oversight. The Government
adopting industry framing mechanism appears most frequently together with the Competitiveness narrative (eight
articles), and to a lesser extent, with Regulation stifles innovation and Red tape narratives (five articles each).
Inconsistent rules refers to the characterisation of existing regulation as unclear or fragmented. This line of

argument occurs in our 7% of our data (12% of DS1 and 5% of DS2) and alleges both that there are difficulties in
interpreting existing laws and that AI deployment must be globally uniform. Such narratives seek to portray
regulation as time-intensive and unfeasible, and at odds with an increasingly globalised technical infrastructure.
In one specific instance, localised regulations were self-contradictorily described as an obstacle to industry efforts
to “accurately understand important regional languages, cultures or trending topics on social media” [80].

First innovation, then regulation. This family of low-frequency narratives argue that while regulation is needed,
technological development outpaces regulatory innovation, and regulators should wait for technological infras-
tructure to mature into its full potential prior to regulation.
Lawmakers are further cautioned against regulating technologies as Regulation limits freedoms and rights–

another low-frequency narrative occurring in our data which narrative contrasts regulation with “potentially
life-saving innovations”, and specific provisions for interoperability with “user privacy and data security”. For
instance, mandates to moderate and remove illegal content online are constructed as the legal “institutionalisation
of censorship”. Relatedly, the Lawmakers misunderstand (technology) narrative suggests that regulators lack the
required expertise and understanding of technology to draft appropriate regulation, alleging that companies “are
better placed to uncover problems” and that regulatory demands are “unrealistic” or “unnecessary”.
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Other, less prevalent supporting narratives include: characterising AI as a collective need and essential for
flourishing that should not be hindered by law; the neo-liberal aim to Reduce government inefficiencies, which has
historically conflated all bureaucracy as unnecessary and inefficient bloat; Self-regulation, which acknowledges
the need for rules, but privileges non-binding, industry-led pledges and codes of conduct.

5 Discussion

5.1 Summary of findings and implications
The results in this paper provide insight into the variety and structure of mechanisms in the analysed news
articles. While our results do not speak to potential correlations or causal effects of the observed mechanisms
and regulatory outcomes, they can be used to inform hypotheses about the relationship between the 27 recurring
capture mechanisms we have identified and regulatory outcomes. The extent of corporate capture further
motivates the urgent need to characterize and address the growing centralization of power and influence in the
hands of a few tech companies and their shareholders [56], and its consequences for human rights [2]. Our work
on capture mechanisms and narratives serves as an additional dimension in the growing chorus of investigations
into the political economy of Big Tech (see also Section 2).
Prior work has typically adopted a dichotomous theoretical lens – distinguishing information capture from

influence on policymaking [108], whereas the most recurring mechanisms in our evidence also include the Elusion
of law. These recurring violations and contentious interpretations of antitrust, privacy, copyright and labour
laws call into question the effectiveness of enforcement. Such pressures, along with weakening the mandates
of regulatory agencies, risk the normalisation of a de facto law in which Big AI operates outside the bounds of
regulatory scrutiny. Furthermore, the stochastic nature of the underlying technology–where the technology
cannot be reliably tested–coupled with the economic power of Big AI corporations enables a normalisation of
“algorithmic states of exception” at scale. Defined by McQuillan [71], this indicates the application of algorithms
as the de facto authority in contexts where their behaviour has not been or cannot be tested, creating conditions
akin to martial law. The conjunction of law-flouting practice and technological affordances thus raises urgent
concerns regarding the contemporary integrity of lawmaking institutions over their respective jurisdictions.

Our annotation of narratives employed provide another qualitative avenue for insight into capture strategies,
which can be further studied to understand the causal or system impact of different narratives on discourse,
public conceptions of AI, and knowledge production. Our finding that there is substantial growth over time in the
Discourse & Epistemic Influence (see Figure 2b) indicates that how AI is framed is becoming increasingly important.
The consistent co-occurrence of each D&EI mechanism with approximately one corresponding mechanism from
other categories indicates the significant role that public-facing campaigns play. Public facing campaigns often
occurred in parallel with lower profile activity such as direct influence on policy, abuse of monopoly power,
elusion of law and muddled roles between regulating agencies and the industries to be regulated.

Another core element in our findings is the central role played by governments and public officials across a subset
of mechanisms and narratives. While our analysis cannot speak to the impact of the regulators entanglement
with corporate actors, it corroborates concerns about public institutions’ opposition to regulation and outright
efforts to reduce the application of existing regulation in the US, UK, and EU. Our observations illustrate the
tolerance of high-profile Revolving doors, muddling roles between regulated and regulators, and more severe
cases of active Ownership/Stake in Company by incumbent public officials. Such entanglement erodes public trust
in the capability and willingness of institutions to scrutinise corporations and enforce laws.
Governments are deeply dependent on Big Tech infrastructure. AI is broadly perceived by policy makers as

central to the economic investments and growth plans of many countries. However, there are growing concerns
regarding a lack of return on investments in AI technologies across economies [32] and circular investments
in the AI industry are contributing to increasing systemic risks to the global economy [8]. Of special concern
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are a cluster of narratives calling to Reduce government inefficiencies through the wholesale replacement of
civil servants with experimental AI technologies at the behest of private interests [127]. This threatens public
administrations by hindering their capacity to deliver citizen-facing public services, support regulatory agencies
and their vetting of “the validity of industry policy proposals”, adequately, and more broadly plan nation-wide
civil service requirements [108, 126]. Compounding such economic risks with the impacts of capture on public
values such as safety, health and fundamental rights provides a growing case for governments to reconsider their
AI strategy and reflect on how their role in promoting corporate capture may be at odds with the public interest.

5.1.1 Lessons from adjacent movements. Many of the mechanisms of capture used by Big AI, that we have
discussed in this paper, mirror strategies that have historically been applied by similar industries such as
Big Tobacco, Big Pharma, and Big Oil. Civil society’s efforts to hold big corporations accountable in these
sectors is ongoing and has been met with significant challenges and has often fallen short of meaningfully
countering corporate power [45, 50, 118]. Yet, there are remain lesson to be learned from these efforts and the
braoder scholarship on corporate capture. For example, the OECD report on preventing policy capture in public
decision-making [85] recommends to (i) level the playing field by engaging diverse stakeholders, (ii) ensure
transparency and access to information, (iii) promote accountability via external control, effective competition,
and regulatory policies, and (iv) define clear institutional codes of conduct, promote cultures of integrity, and
establish appropriate frameworks for risk-management. Similarly, in the context of Big Tobacco, Lee [63] calls for
appropriate separation between public and private interests, binding rules for government-industry interactions
to manage conflicts-of-interests, enforcement of transparency and accountability practices, and safeguarding
academic knowledge production from undue industry influence. A 2024 report [5] further calls for applying
transferable lessons from the US Food and Drug Administration on how to regulate and hold Big AI accountable.

However, implementing such safeguards becomes a challenge when significant corporate capture processes are
in progress. Under these circumstances, activism, collective organizing, and public campaigning can serve to build
collective power and pressure policymakers and regulatory bodies to foreground public interests [49, 102, 119].
For example, Harvey and Foley [49] describe the role of public organising in 2021 during the COVID-19 pandemic
to successfully challenge Big Pharma and pressure the US government to change its stance on the temporary
waiver of the World Trade Organisation TRIPS rules to increase global production of COVID-related health
technologies. Similarly, Thomas-Walters et al. [119] found strong evidence that climate activism can shift public
opinion and media representation, and moderate evidence that it can influence voting and how politicians
communicate. Affecting change also requires a mix of tactics spanning protests, lawsuits, lobbying, economic
pressure, and coalition-building. These collective efforts benefit from identifying critical pressure points, making
bolder demands, and strategic coordination between actions [102].

5.1.2 Counter narratives and resistance to Big AI capture. Our work on conceptualising and understanding
capture supports the growing number of calls and actions to counter corporate capture, dominant narratives, and
more broadly, policy agendas that prioritise corporate agenda over public interests. The qualitative insights into
the mechanisms that enable capture (and to a lesser extent the frequency with which these are reported on)
illuminate intervention points for resistance and efforts to promote alternative regulatory interests and counter
narratives. These include, but are not limited to: (1) work from civil society organisations that advise on
regulatory implementation, standard setting, or strategic litigation [16, 38, 42], (2) efforts to promote shared
narratives and bottom-up agendas for AI policy that are grounded in the experience of members of the
public [6, 89], (3) work that uncovers the influences that facilitate capture, in particular regarding lobbying
and deregulation[43, 68], (4) independent investigative journalism that continues to document and expose
numerous issues across the AI supply-chain from corporate power to discriminatory AI systems [15, 19, 72, 97],
(5) independent audits that provide rigorous and reliable evidence of the workings of AI systems [103],
with adequate investment on audit target identification and dissemination of results to support advocacy for
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fundamental rights [17, 87], (6) efforts that mobilize labourmovements to address power asymmetries [73],
(7) efforts to invigorate existing commitments to climate and environmental protection [47], and (8) work
that highlights the necessity to respect rights within and outside the boundaries of regulatory concerns [33, 41].
Supporting, uplifting, and strengthening such efforts is key to understanding, challenging, and dismantling
corporate capture while advancing regulation in the public interest.
Finally, the findings in this paper have implications for scholarship in FAccT and other communities. The

taxonomy provides a scaffolding for other studies and investigations into corporate capture, which can be further
refined and enriched. It motivates the need to further reflect on the impact of capture on our own scholarship,
what that means for the community’s contributions to AI regulation, and how we ensure that scientific integrity
and plurality of perspectives are protected in our scholarship and across broader scientific communities and,
indirectly, in the associated societies whose institutions lean on our work [128].

6 Conclusion
In this study, we have examined the strategies and tactics employed by the Big AI industry to capture regulatory
processes. Our study does reflects an urgent academic endeavour and a pressing real-world issue with direct
implications for people across the globe. While democratic regulators ought to attend the concerns of industrial
sectors, regulation should always prioritise protecting and promoting the core public values forwhich governments
bear responsibility. The AI industry’s power, wealth and influence has far-reaching implications in terms of
its impact on the rule of law, the labour market, the environment, knowledge production, and, ultimately,
on democratic processes and institutions is so corrosive that policymakers ought to treat it as an emergency.
Although our findings show the breadth and depth of regulatory capture with no clear immediate path to
meaningful accountability and systems of truly independent oversight, we hope this work can help lay a
foundation for developing and institutionalizing corrective measures. This might, for example, take the form of
enhancing existing civil society efforts to document and expose the breadth and extent of mechanisms being
used, pressuring regulators for increased transparency and accountability in the rule-making processes, and
implementing declarations of conflict of interest in regulatory processes in addition to major conference and
scientific publication venues in relation to work on societal impacts of AI. Government complicity is detrimental
to ensuring the rule of law and to restoring trust in public interest technologies. Therefore, meaningful regulations
and enforcement, developed and enforced in line with the interests of the general public and vulnerable groups,
is in the interest of government, regulatory institutions, and the AI industry itself.

7 Limitations
We have taken all possible measure within our means and control to curate our datasets. Nonetheless, our findings
may be influenced by sampling bias as well as to changes in reporting style and customs within Reuters. Future
larger-scale sampling and annotation - by including more events crucial to consensus-building in preparation of
regulation, and extending time windows and keywords - may provide an improved quantification of the issues at
hand. Notwithstanding the large consensus on the high quality of the sources we selected [67], all publications
exist within a larger social and media ecosystem subject to the effects of media capture mentioned in Section 2.
Comparative analysis across geographically and culturally diverse news agencies and publication venues may
thus provide improved insight into reporting biases, and afford more refined estimators for the occurrence of
both mechanisms of capture and narratives. Additionally, such a pluralistic effort may inform further validation
and development of our taxonomy of mechanisms of capture.
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A Taxonomy and Annotation Template

A.1 Taxonomy of Mechanisms of Capture and corresponding descriptions
(1) Direct influence on policy:Mechanisms whose aim is to influence the position or decisions of public

officials and regulations
(a) Lobbying: The communication made by a person or organisation regarding themselves or on behalf

on another entity to a public official a stakeholder with the goal of influencing decisions or creating a
favourable position for themselves

(b) Private meetings with regulators (outside lobbying): Meetings and communications that occur directly
between a person or organisation and public officials outside of channels regulated under lobbying
transparency laws

(c) Political contributions: Contributions by a person or organisation to a political entity or person
(d) Economic coercion of government: The use of potential economic advantage or disadvantage as a threat to

induce changes in decisions or positions of the government
(2) Conflicting involvement:Mechanisms that represent inherent conflicts due to the involvement of an

entity in a specific position
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https://www.lung.org/content/sotc/2025/ala-state-of-tobacco-control-2025.pdf
https://doi.org/10.1007/978-3-030-46781-4_1
https://doi.org/10.1007/978-3-030-46781-4_1
https://doi.org/10.1108/PAP-12-2024-0200
https://techcrunch.com/2025/02/18/elon-musk-staffer-created-a-doge-ai-assistant-for-making-government-less-dumb/
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(a) Revolving door: The pattern of governmental or public officials taking up positions or roles in private
entities in areas which they regulated or had authority over, as well as the inverse where public officials
are appointed from private entities that were the subject of enforcement and regulation

(b) Direct involvement in rule-making: Involvement of private industry, governmental, or other entities in
the process of developing law or policy without a clearly defined legal mandate or authorisation to do so

(c) Ownership/Stake in company: Public officials taking an ownership or other forms of stocks or stake in an
organisation that is being regulated or overseen by the office they are a part of

(3) Market influence:Mechanisms that involve participation, co-operation, or coercion of market actors
(a) Standard setting in consortia: Utilising favourable consortiums to develop, set, and dictate standards or

pactices without the involvement of other relevant stakeholders
(b) Corralling SMEs/orgs to oppose: Imploring, organising, or using small and medium-sized enterprises

(SMEs) or their representative organisations to oppose a policy or position
(c) Standard setting via monopoly: Using a position of monopoly or dominance to dictate practices
(d) Economic coercion of competition: The use of potential economic advantage or disadvantage as a threat to

induce changes in decisions or practices of competitors
(4) Elusion of law: Mechanisms that are directly or indirectly against the spirit or the letter of the law
(a) Disregard existing laws: Practices that disregard the requirements or process established in laws
(b) Misinterpret laws: Using an alternative or intentional misrepresentation of the law as a way to deflect or

avoid its requirements or implications
(c) Relocation of development and labour : Moving labour deployments or setups from one location to another
(d) Exploit weak regulations/jurisdictions: Moving organisations, procurements, or deployments to jurisdic-

tions that have considerably weaker regulations or enforcement
(e) Retaliation against whistleblowers & authorities: Acting against whistleblowers or authorities directly

or indirectly, or taking actions that lead to negative consequences or suppress the voice or actions of
whistle blowers

(f) Bribery: The solicitation, payment, or use of favour in exchange for official actions or decisions
(5) Epistemic & discourse influence: Mechanisms that create or use narratives as a way to promote a

specific practice or opinion
(a) Corporate sponsorship of events: Utilising sponsorship of events to promote the organisation or imply its

support to specific principles or topics
(b) Funding and sponsorship of research & education: Direct or indirect funding and sponsorship of research

conducted outside the organisation, typically in educational and academic sectors
(c) Public facing campaign: Use of media or traditional media or other forms of public facing media to

advertise, promote, or create a narrative against a specific person, topic, or action and/or promote a
positive and misleading narrative about a company, AI product or practice

(d) Hyping technologies: Promoting or implying capabilities of technologies on the basis of hypothetical
speculations and without empirical evidence or theoretical and conceptual rigour

(e) Playing victim: Industry representatives complaining via public campaign, directly to regulators or via
other means that they have been subject to unfair rules

(f) Undermining risks/harms: Disregarding, diminishing, hiding, or otherwise reducing harms or the potential
for risks or harms associated with AI technologies

(g) Speculative studies: Use of studies, analysis, or reports that do not follow standard scientific or conceptual
rigour

(h) Ethics washing: Companies or corporations imposing as the guardians of ethics, transparency, accountabil-
ity, and safety without meaningful actions or implementations to support the claims or while engaging
in practices that undermine these principles
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(i) Government adopting industry framing: Governments, public bodies, or public officials adopting, repeating,
or only considering framings, positions, or approaches favoured by industry while ignoring, refusing, or
diminishing other approaches

(j) Conflation of public and private interest: Irrationally mixing or implying private interests as being public
benefits even though they specifically benefit non-public actors without a corresponding benefit to the
public

A.2 Annotation template
(1) Article ID: a unique identifier for the article
(2) Title: the title as used in the article
(3) Published: date of publication of article
(4) Annotator: the person who performed the annotation
(5) Duplicate of: ID of article for which this is a duplicate
(6) Mechanism Category: applicable mechanisms from the taxonomy (see Appendix.A.1. If none is applicable,

the additionally provided option No capture is selected
(7) Mechanism: description of the mechanism as it appears or is evident in the article
(8) Evidence: excerpts from the article text which exhibit or describe the mechanism or its effects
(9) Narratives used: identified narratives from the article
(10) Notes: space for annotators to capture relevant information, perspectives, or questions for discussion
(11) Consensus: mechanisms selected after discussion between pair of annotators in subsequent stages
(12) Out of scope: indicator to signal this article is out of scope
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